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Fig.2 Decision boundaries of 2-dimensional patterns of classes C1: N(%(0,0), I)
and Co: N(*(0.5,0.5),(0.2)?I) with 10 sample data (a) and 10-
dimensional patterns of classes C1: N(*(0,...,0),I)and C2: N(*(0.5,...,
0.5), (0.2)?I) with 100 sample data (b). From left to right: sample data,
the dissimilarity N-N, the original N-N and the optimal quadratic classifier.
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Fig.3 Correct classification rates of nearest-neighbor classifiers for class C; data

with dissimilarity representations (left) and original patterns (center) as
well as the optimal quadratic classifier (right) in the classification of two

classes C1: N(%(0,0,..

.,0),I) and Ca: N(*(u, . ..

1), 02I) in the n-

dimensional space. p =0 (a), p = 0.5 (b).
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